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> Results » Covariates impact on mean treatment effect:

Secondary effects (MDS-UPDRS 4) are correlated to
better motor outcome. Treatment effect increases with
dose but plateaus at high LEDD. Patients with higher
tremor (TD score) are more treatment responsive.

> Introduction
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*Data used in the preparation of this work were obtained from the Parkinson’s Progression Markers Initiative (PPMI) database (www.ppmi-info.org/access-data-specimens/download-data)



