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Abstract. Electronic word-of-mouth (eWOM) has attracted a great deal of at-

tention in both academia and practice in recent years. Our empirical study in-

vestigates the relation of negative comments and consumers’ trust in fashion 

presentations focusing on clothing. It is a product category characterized by a 

lot of online conversation and opinion sharing, but is surprisingly under-

researched regarding eWOM. We calculate a multiple regression model moder-

ated by consumers’ social media experience to identify the impact of a dichot-

omous eWOM stimulus. We find that negative comments referring to a fashion 

presentation cause a significant decrease of trust. However, the more experi-

enced a user is in dealing with social media services such as Facebook or 

YouTube, the weaker this effect will get. These findings contribute to the exist-

ing academic discourse about the impact of negative eWOM. 

Keywords: Clothing, Moderated Regression, Negative eWOM, Social Media, 

Trust, Valence. 

1 Introduction 

In September 2014, the famous gamer and YouTuber Felix “PewDiePie” Kjell-

berg, who had more than 30 million subscribers at this time, disabled the comment 

function for his videos as he was not satisfied with the content of most of the com-

ments [1]. This led to an intense debate about online comments in general. In this 

study, we transfer this debate to a business context. 

Today, the Internet is not just a mere collection of websites; it is also a platform for 

interactive exchange of opinions and experiences. Countless anonymous senders and 

receivers can communicate with one another and spread their messages [2]. Enabled 

by the Internet, phenomena such as the megaphone effect have emerged, meaning that 

ordinary customers can reach a mass audience [3], e.g. through online comments. 

Research shows that the majority of consumers tend to rely more on the messages of 

people who are similar to themselves, e.g., 61% of consumers refer to blogs or other 

social platforms for gathering feedback on products or services before buying [4]. In 

addition, there is empirical evidence validating the meaning of social media for mar-

keting purposes, leading to an increase in sales [5]. 



Consequently, the topic of electronic Word-of-Mouth (eWOM) becomes increas-

ingly important for any marketing strategy [6] and has attracted remarkable attention 

within the academic community [7]. Besides marketing, the IS field takes a leading 

role in research on eWOM [8], dealing with topics such as eWOM credibility [9], 

trust and satisfaction in e-commerce [10], or trust-building web strategies [11]. 

In this study, we place the focus on three aspects of eWOM. First, we consider 

negative consumer reviews as a specific field of valence research [12]. Generally, 

research on the impact of valence shows differing results, which motivates a need for 

further investigation [13]. More specifically, while most studies deal with positive 

eWOM, or the comparison of positive and negative eWOM, we investigate the impact 

of negative eWOM compared to no eWOM at all. This can be considered as a rele-

vant aspect because prominent social media services such as YouTube offer the op-

portunity to completely disable the comment function on their websites – as 

“PewDiePie” did. Although studies have started to investigate the impact of negative 

eWOM [14, 15], further exploration is required [7]. Second, building on an estab-

lished web trust model [16], we investigate the role of eWOM on consumers’ trust in 

a product presentation. Third, our study deals with a specific product category which 

is clothing. The topic of eWOM in fashion industry is rather under-researched [17], 

although social media in general and sharing opinions about clothing and style play a 

primary role in this field [18]. Therefore, the main objective of our paper is to exam-

ine the impact of negative eWOM on consumers’ trust in a clothing product presenta-

tion. For this purpose, we have designed an online questionnaire yielding a sample of 

101 participants. In an experimental setting, a dichotomous eWOM stimulus is varied 

and we investigate its impact on a social media display of clothing. We calculate the 

corresponding multiple regression model and include social media experience as a 

moderating factor in our statistical evaluation. 

The remainder of this paper is organized as follows: section 2 contains an overview 

of the current state of research on eWOM and trust in general before focusing on the 

meaning of eWOM for fashion products. In section 3 we describe our research ap-

proach and in section 4 we present our results. They are discussed and linked to exist-

ing research in section 5, before we end with concluding remarks in section 6. 

2 Theoretical Foundation 

2.1 Introduction to eWOM 

The emergence of eWOM is based on the rise of e-commerce and social media. First 

definitions of eWOM aimed at the distinction to ‘traditional’ WOM, e.g. regarding 

size of network, speed of diffusion, or privacy [7]. According to Trenz and Berger 

[19], the most widespread definition of eWOM is the following one by Hennig-

Thurau et al.: 

eWOM is any positive or negative statement made by potential, actual, or former 

customers about a product or company, which is made available to a multitude of 

people and institutions via the Internet. [20] 



 

However, while emphasizing positive or negative statements, this definition does 

not consider neutral statements. Another limitation is that brands are not included. 

Thus, we follow a recent definition of eWOM proposed by Ismagilova et al. [7] which 

underlines that eWOM is not a static process and specifies content and sources of 

recommendations: 

eWOM is the dynamic and ongoing information exchange process between poten-

tial, actual, or former consumers regarding a product, service, brand, or company, 

which is available to a multitude of people and institutions via the Internet. [7] 

From a technological perspective, eWOM is based on social media that is predom-

inantly developed for private and non-commercial communication. Although senders 

and receivers usually do not have any commercial intentions, their messages often 

contain product names, or brands [18]. Firms aim to derive valuable insights from 

these crowds’ messages and use them to design marketing campaigns or develop 

products, which indicates the link between eWOM and crowd-sourcing [21]. General-

ly, scholars have investigated different facets of eWOM, e.g., motivation to engage in 

eWOM [18, 20], antecedents of using online reviews [22], or the value of eWOM 

[23]. 

Our study contributes to another research stream of eWOM which is valence. Va-

lence refers to the positive or negative rating assigned by consumers when they evalu-

ate a product or service [12] and is found to be a significant factor for perception of a 

product or brand attitude [24]. In terms of theoretical foundation, the optimal arousal 

theory combined with the two-sided appeal [25] provide the logical reasoning for this. 

The two-sided appeal describes that a company allows both positive and negative 

reviews as this indicates a higher credibility [13]. The optimal arousal theory assumes 

that each person has a unique ‘optimal’ arousal level and when the arousal level drops 

below this optimal level, stimulation is required. Individuals prefer stimuli that are 

moderately novel over stimuli that offer too much or too little novelty [13]. Due to the 

two-sided appeal, the perceived novelty can be increased moderately as positive and 

negative reviews are allowed, thus leading to a heightened chance of consumers atten-

tion [25]. 

Some studies find that negative eWOM has a stronger impact on all phases of the 

consumer decision making process as well as on consumers’ attitude of brands than 

positive eWOM [26, 27]. This asymmetry can be explained by the ‘negativity effect’ 

[28] which means that ‘negative product attributes are believed to be more character-

istic of a poor quality product, than positive attributes are for a high quality product’ 

[26]. In other words, negative framing seems to be more effective than positive fram-

ing [29]. This is in line with the core idea of prospect theory which says that the value 

function is generally steeper for losses than for gains [30]. 

However, other studies dealing with the impact of valence draw differing conclu-

sions and find that positive eWOM is more persuasive than negative eWOM [31] or 

that eWOM valence does not affect product sales at all [24]. These contrasting results 

indicate a clear research gap regarding valence in general and negative eWOM in 

particular [7]. Our study addresses this gap by investigating the impact of negative 

eWOM on consumers’ trust in the respective product presentation. 



2.2 eWOM and trust 

We define trust as ‘an actor's expectation of the other party's competence and good-

will’ [32], because this definition includes both technical capabilities and skills 

(‘competence’) and the more abstract goodwill implying moral responsibility and 

positive intentions towards the other. Generally, prior research shows strong relations 

between eWOM, trust, and purchase intentions [8] and it is proven that eWOM has an 

impact on consumers’ trust in a firm and its products [33]. In the context of eWOM 

and trust, the trust typology by McKnight et al. [16] is often adopted [8]. As illustrat-

ed in Fig. 1, trust in a web context is a complex system. In line with our research goal 

to investigate consumers’ trust in a product presentation, we place the focus on trust-

ing beliefs (grey box in Fig. 1). Trusting beliefs is defined as ‘the confident truster 

perception that the trustee—in this context, a specific Web-based vendor—has attrib-

utes that are beneficial to the truster.’ [16]. Trusting beliefs can be divided in three 

subgroups: ‘competence (ability of the trustee to do what the truster needs), benevo-

lence (trustee caring and motivation to act in the truster’s interests), and integrity 

(trustee honesty and promise keeping)’ [16]. Although all three beliefs seem to play a 

role for our research, the most important one is probably integrity since consumers 

have a strong need for an ‘honest’ product presentation and that ‘promises’ made in 

the presentation are kept by the company. 

 

Fig. 1. Web trust model by McKnight et al. (2002, p. 341) [16] 

When it comes to trust in eWOM context, most studies compare the impact of posi-

tive and negative comments [34] and consider different product types [35]. In contrast 

to the mostly used approach of comparing positive and negative reviews, we conduct 

a comparison of negative eWOM with the case of no comments at all, meaning nei-

ther positive nor negative nor neutral eWOM. This approach is similar to studies that 
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examine the influence of complaint websites on trust in a firm or product [36, 37]. 

Their findings indicate that negative eWOM reduces trust [8]. However, they do not 

provide theoretical reasoning. Before formulating hypotheses, we describe the product 

type we consider in our study in section 2.3. 

2.3 eWOM in fashion industry 

Individuals often define themselves and others in terms of their possessions, which 

serve as key symbols for personal qualities and interests. Fashion, or more specifical-

ly clothing, is seen as such a possession [38]. In addition, fashion acts as a powerful 

social symbol, which is used to create and communicate personal as well as group 

identities [39]. Wolny and Mueller [18] emphasize the network effect associated with 

fashion: ‘[fashion] trends are co-created by consumers who not only perpetuate but 

also adapt them along the way. Such network effects mean that when a trend is adopt-

ed successfully by a number of people, it impacts the perceived value of the product 

for another user, in a positive or negative way, depending on the reference point.’ 

[18]. That means, products that one owes determine how a person is perceived by 

others [40], which naturally has implications for peer-to-peer communication about 

fashion [18]. 

Fashion in general can be assigned to high-involvement products, which means ‘ei-

ther expensive, rarely bought, linked to personal identity, or carry high risks (social or 

otherwise)’ [18]. Research indicates that such high-involvement products attract a lot 

of online conversation between customers [41]. This might be related to the complexi-

ty in determining the value of fashion, leading to increased information sharing in 

social media with the aim of receiving feedback regarding one`s fashion choices [42]. 

Kulmala et al. [17] illustrate the process and elements in creating eWOM in 

fashion blogs. They distinguish between organic and amplified eWOM. Organic (or 

endogenous) eWOM means that a person wants to tell others about an experience, for 

instance with a product, and does not entail any direct intervention from the firm. In 

contrast, amplified (or exogenous) eWOM occurs when a firm encourages others 

(e.g., bloggers) to speak about their product or tries to actively influence customer-to-

customer interaction [43]. Kulmala et al. [17] find that amplified eWOM content in 

consumer fashion blogs resembles organic content. The main topics discussed in or-

ganic eWOM include personal style, brands, and designers and retailers, while ampli-

fied topics are products received by the blogger, brands, and designers and retailers 

[17]. Although amplified eWOM seems to increase in relevance, we consider organic 

eWOM in our study. 

Apart from studies dealing with eWOM in retailing in general [14], consumers’ 

motivation to engage in fashion-related eWOM [18], and different types of eWOM in 

fashion blogs [17], research on eWOM with a focus on fashion or clothing is scarce 

[17]. With respect to the high level of personal involvement and emotions related to 

fashion in general and clothing in particular [18, 41], we believe it is worth investigat-

ing the impact of negative comments on consumers’ trust (i.e., trusting beliefs, see 

Fig. 1) in the presentation of clothing. This is in line with current conceptual research 

on the impact of eWOM on trust which is grounded in research on complaint websites 



[36, 37]. For instance, See-To and Ho [8] formulate the proposition ‘negative eWOM 

will weaken the user’s trusting belief on the firm’. Based on these thoughts, we de-

velop the following hypotheses: 

H1 Consumers trust a social media presentation of clothing less if it is accompanied 

by negative eWOM compared to the case of absence of any eWOM. 

H2 The impact of negative eWOM on trust in a social media presentation of clothing 

is moderated by the level of social media experience. 

H1 clearly reflects the main objective of our study. Although considering a nega-

tive one-sided appeal, we posit that consumers trust a product presentation less if 

negative comments exist compared to a presentation that is free of any eWOM influ-

ence (e.g., because of disabled comment functions). Furthermore, we believe that the 

consumers’ social media experience moderates the relation described in H1. This 

moderating role of experience follows the approach of established models in the field 

of behavioral research and technology acceptance research, such as the Unified theory 

of Acceptance and Use of Technology (UTAUT) [44]. 

3 Research approach 

Based on the two hypotheses we derived from the literature review, we can create our 

research model which will be validated in the empirical section (Fig. 2). 

 

Fig. 2. Research Model on eWOM 

For the empirical validation of the model, we developed a questionnaire which meets 

the characteristics previously identified in the literature review. The first two sections 

contain demographic questions, i.e., age, gender, and questions addressing partici-

pants’ general social media behavior, i.e., frequently used social media services and 

important topics on corresponding social media platforms. 

To test our hypotheses empirically, it was also necessary to select a suitable survey 

setting in order to measure differences regarding eWOM, specifically between its two 

alternative parameters negative comments compared to no comments. Experimental 

designs generally vary a factor called stimulus and measure its impact on a dependent 

variable [45]. We decided to use such an experimental approach as both comment 

parameters form the external eWOM stimulus which serves as an independent varia-
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ble, the social media stimulus. In our research model, it impacts the way social media 

users perceive a product presentation online and, consequently, their trust in a prod-

uct. As an instrument to measure the different impacts, we capitalized on the concept 

of randomization [46, 47]. At runtime, participants were allocated randomly to either 

group A or group B and were presented with two alternative displays, each represent-

ing the no comments (group A) or negative comments (group B) stimulus. 

Thus, participants of both groups had to answer the same questions in the first two 

sections of the questionnaire, but received a different stimulus in the last section. As 

the focus of this study lies on fashion, especially on clothing, we varied a social net-

work display that shows a young couple wearing the same type of a white t-shirt, a 

green jacket, and brown trousers. Group A could only see a picture of this couple 

whereas Group B was additionally confronted with negative comments on the style. 

Both groups were then asked to rate both the style and their level of trust on scales 

ranging from ‘not stylish/not trustworthy’ to ‘really stylish/trustworthy’. 

Regarding the target group, we decided to mainly ask younger adult users (18 years 

or older) including Millennials, but did not technically limit it to this cluster. Millen-

nials are a suitable core target group because they can be characterized as digital na-

tives who are often familiar with all kinds of social media services such as Facebook 

or Twitter [48]. Thus, they very likely have a large social media affinity and have 

already experienced situations where eWOM has potentially influenced their use be-

havior. Since we investigated social media as a stimulus as visualized in the research 

model, we could focus on the main social media services for acquisition purposes 

without causing a sample bias. The survey link was distributed through Facebook and 

Twitter—two of the largest social media services [49]—and additionally cross pro-

moted through various other online (e.g., e-mail) and offline channels (notice boards). 

Participants took part in the survey exclusively online so that we could guarantee an 

accurate randomization and an identical digital presentation of both alternative dis-

plays. It was implemented with the tool Limesurvey and both the acquisition as well 

as the final sampling took place between November 2015 and January 2016 after 

initial pretests with university students. 

For the analysis, we use version 23 of the statistics software IBM SPSS Statistics 

(SPSS). The first two sections of the survey contain dichotomous and multiple-choice 

questions whereas for the randomization, 5-Point Likert scales are used to measure 

style and trust. This scaling allows us to calculate several t-tests and a regression as 

we can assume equidistant items and, consequently, metrical scale levels [50]. T-tests 

can be used in our study to compare average means between the two stimulus groups, 

and we use them to make sure that our independent samples are not statistically dif-

ferent regarding the factors age and social media affinity. This is necessary to avoid 

unintentional impacts on the model caused by these factors. To predict the influence 

of eWOM on trust in our clothing displays, we calculate a multiple regression with 

and without moderation. Both models can be compared to shed light on the moderat-

ing effect of social media experience [51]. 



4 Results 

4.1 Descriptive results 

After a period of seven weeks, we finally received 135 survey responses of which 34 

had to be rejected. Plausibility checks reveal that these responses are not filled out 

completely, fail to meet necessary levels of accuracy such as response times or age, or 

indicate response bias issues. Thus, the final sample size included in the model analy-

sis is n=101 survey participants. The initial descriptive results are presented in Table 

1 and reveal a similar distribution in terms of gender and age. The intended target 

group of young adults and Millennials could be addressed with the questionnaire ac-

cording to the average age. 

Table 1. Descriptive sample results 

  Gender Age 

Group N Male Female Mean 
a
 SD 

A 52 24 28 26.56 5.82 

B 49 21 28 25.04 4.32 

a) p>0.05, t-test not statistically significant between groups A and B 

We controlled the randomization process by applying a t-test for age. Results  

(sig. 2-tailed: .142) indicate no statistically significant differences between both 

groups. Taking both t-test results and the similar gender distribution, we can assume 

that no bias interfered with the randomization process and both groups are rather ho-

mogenous. Thus, potential differences can be linked to the variation of the stimulus 

rather than demographic effects. 

4.2 Social Score 

Because we investigate the impact of a social media stimulus in our model, we first 

ask the respondents to disclose their general social media usage. For the most relevant 

services participants can state whether they use them or not. Like in the ALEXA rank-

ing, Facebook is the favorite service [49], and nearly all participants in the sample use 

it. A comparably large gap following YouTube on second place marks the cut be-

tween two dominant services on the one hand, and a portfolio of other services used 

less frequently on the other hand. Surprisingly, Instagram was ahead of Twitter in 

contrast to the order in the ALEXA ranking. The results are visualized in Fig. 3. 

http://dict.leo.org/englisch-deutsch/plausibility
http://dict.leo.org/englisch-deutsch/plausibility


 

 

Fig. 3. Social Media Usage 

Based on these results, we calculate a social score which we use as the moderating 

variable in our model. It represents the social media experience of a user and is the 

aggregated number of services used by a participant. A majority of participants in the 

sample regularly use two or three different services, mostly including Facebook and 

YouTube whereas 17.8% are less experienced (score: 1) or very experienced (score: 4 

or 5). On average, participants reach a score of 2.51 (SD: 1.1) and t-test results again 

reveal no significant differences between both groups. 

4.3 Multiple regression and moderation results 

We measure eWOM through a social media stimulus which is dichotomous. Thus, 

this variable is dummy-coded as 0/1 with 0 representing no comments and 1 repre-

senting negative comments. Trust in the display of a couple wearing a specific dress is 

measured on a 5-point Likert scale and for the moderating effect of the social media 

experience we use the social score. The social score forms an interaction term with 

the social media stimulus by multiplication of both variables. This results in two dif-

ferent models, one model without moderation (model 1) and another one with the 

interaction effect (model 2), which can be compared to identify a moderating effect 

[50, 52]. 

Overall results indicate a significant moderating effect as the R² changed increased 

by 4.8% (Sig. Change: .027**) in the second model. The interaction effect causes the 

second regression model to be statistically significant in contrast to model 1 (Table 2). 

  

94.06%

73.27%

36.63%

17.82% 16.83%
12.87%

0.00%

20.00%

40.00%

60.00%

80.00%

100.00%

Facebook YouTube Instagram Pinterest Twitter Google+



Table 2. Significance of regression models a 

Model Sum of Squares df Mean Square F Sig. 

1 4.130 2 2.065 1.807 .170 
b
 

2 9.674 3 3.225 2.938 .037 
c
 ** 

a. Dependent Variable: Trust in the display 

b. Predictors: (Constant), Social Score (SC), Social Media Stimuli (ST) 

c. Predictors: (Constant), SC, ST, SCxST 

** p < 0.05 

This moderating effect can be investigated in more detail for the individual predictor 

variables. In model 1, the social media stimulus representing the eWOM effect is only 

weakly significant on the 90% confidence level whereas in the second model, it is 

highly significant (p < 0.01) as well as the moderator (p<0.05). The strong negative 

standardized beta coefficient (-0.675) for the social media stimulus indicates a de-

crease in trust if negative comments exist. This effect is moderated in such a way that 

the less experienced a social media user is, the stronger the decrease in results will be 

(Table 3). 

Table 3. Coefficients of the regression models a 

Model 

Unstandardized  

Coefficients 

Standardized  

Coefficients 

 

 B Std. Error Beta T Sig. 

1 (Constant) 3.541 .284   12.450 .000 

 ST -.364 .213 -.170 -1.711 .090* 

 SC -.078 .097 -.080 -.805 .423 

2 (Constant) 4.148 .388   10.691 .000 

 ST -1.448 .525 -.675 -2.756 .007*** 

 SC -.321 .144 -.328 -2.229 .028** 

 SCxST .431 .192 .606  2.248 .027** 

a. Dependent Variable: Trust in the display 

* p < 0.1, ** p < 0.05, *** p < 0.01 

5 Discussion 

With regard to our two initial hypotheses, we can summarize our findings as follows: 

H1 is supported because the level of trust in the presentation of clothing is significant-

ly lower if negative comments are linked to the display. This effect is rather weakly 

significant, though. H2 addresses the moderating effect of social media experience 

and is strongly supported. The moderation is highly significant as the negative influ-

ence of negative comments on trust mainly exists for unexperienced users. Fig. 4 

visualizes the strong negative slope if no moderation is considered (black line) in 

contrast to the nearly unchanged moderated (grey) line. This indicates that experi-



 

enced social media users are hardly not influenced by negative comments of other 

users. Thus, eWOM plays a less important role for them. However, users who are not 

so familiar with the various social media services can be influenced by these negative 

eWOM stimuli. 

 

Fig. 4. Moderating effect of social media experience 

Our findings support the proposition of See-To and Ho [8] that says negative eWOM 

will weaken the user’s trusting belief on the firm. This might be explained by the fact 

that clothing is a high-involvement product which is very sensitive to negative com-

ments. Furthermore, our findings seem to fit to optimal arousal theory. People need 

stimuli to maintain their optimal arousal level and negative stimuli are stronger than 

the stimuli only based on the product presentation without any eWOM. In addition, 

this stimulus is lower for more experienced users (H2). At first glance, our findings 

seem to support the negativity effect. However, the negativity effect focuses explicitly 

on the comparison between positive and negative eWOM. As we apply a different 

approach, no final statement on the negativity effect can be made. 

6 Conclusion 

Our study contributes to the topic of negative eWOM while focusing on a rather un-

der-researched product category (clothing). In addition, by empirically investigating 

trusting beliefs, we contribute to a better understanding of the web trust model of 

McKnight et al. [16]. Our main finding is that the trust level is significantly lower if 

there is negative eWOM compared to if there is no eWOM. However, this finding 

alone is not sufficient to decide on questions such as enabling or disabling comment 

functions. There are basically two reasons for this. First, we consider negative and no 

eWOM, but we do not consider positive eWOM. In follow-up studies, our setting 

could be easily extended to a tripartite combination of positive, negative, and no 

comments. Consequently, the relatively small sample size of our initial experimental 

setting would be enlarged to allow accurate generalizations as well. Second, research 

shows promising results for firms with a sound response strategy on negative eWOM 

[7, 37]. Including these aspects in a comprehensive study would potentially lead to 

more concrete managerial implications. Besides these limitations, it can be concluded 
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that negative eWOM should never be underestimated, especially when it concerns 

sensitive products such as clothing. Ignoring negative eWOM could harm the rela-

tionship to customers which might result in decreasing sales. As found in our study 

presentations within the social media environment are especially vulnerable to nega-

tive eWOM. Thus, one practical recommendation for marketers is to disable the 

comment function if the channel is not administrated regularly, e.g., a channel below 

a YouTube video, to avoid loss of consumers’ trust. 

Recent scientific work on eWOM offers a multitude of further research opportuni-

ties. One aspect which might be particularly relevant for our study is the quality of 

comments. It can be shown that the influence of eWOM varies depending on the qual-

ity of comments (i.e., high-quality vs. low-quality) [15]. Thus, as we have used the 

same negative comments in our survey, this distinction would be a valuable advance-

ment of our research approach. 

The final remark refers to our introductory example: “PewDiePie” re-activated the 

comment function for his videos one month after he disabled it. 
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